i+ B Gm X

A Comment Spam Filter System based on Inverse Chi-
Square Using of Co-occurrence Feature between

Comment and Blog Post

2007 £ 12 A



el

2RSS 52 FAEE ADL o4 9
=

N
)
N
i
N
&2
il
i
I
P
y
[
o,
i)
Av)
>

A Comment Spam Filter System based on Inverse Chi-
Square Using of Co-occurrence Feature between

Comment and Blog Post

of e LE LAY o= fES

2007 4 12 A



12 A

2007 4F




QJ:

7N 7]

2 1(Blog)+

19l wtlefe] Fejel &

<

o

]

Z o
~

B

o
ohviet 714l

rJ
N

AEY miofoltt. T} 7

-

-

2] A5

Ul

1ol 744

—

0

CZRt AgEdos &) i

o] &<l

1+

13
A=)

3
=

A 13 JEE F71

=

& (co-occurrence) FHE Ko
A

jom,

=
=

ol
2

719l & Al
o] a1z}

B =
RN

oL
=]

o Flol A

=<
=

XC—]) H

il

il

el

xIvi



Abstract

Blog is the best media that can be used in individual purpose what is
more can be used in corporate communication. Beside of free writing,

there is abusing of blog comment spam.

In case of common spam filter, it only use comment feature. But it is
hard to gain high accurate rate, because spam comment is shorter than
ham comment that cause shortage of features using in spam filter

algorithm.

This paper suggests a similarity assumption between main post and
comment, and using spam filter algorithm added co-occurrence
information feature with current term probability feature. Actually after
adding this feature, we gain more accuracy than common filter that only

use term probability feature.
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a: ham (correctly classified)
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c: ham misclassification
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